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Abstract 

BED AND BREAKFAST: THE ROLE OF SLEEP AND AFFECT IN BREAKFAST INTAKE 

 

By: Ashley R. MacPherson, M. A. 

 

A thesis submitted in partial fulfillment of the requirements for the degree of Master of Science 

at Virginia Commonwealth University.  

 

Virginia Commonwealth University, 2018 

 

Director: Natalie D. Dautovich, Ph.D.,  

Assistant Professor of Psychology 

Department of Psychology 

 

Breakfast intake is associated with numerous positive physical and mental health 

outcomes, yet breakfast skipping remains common in adults. Chronotype and sleep show 

potential as predictors of breakfast intake; however the existing literature has methodological 

limitations and fails to examine how psychological mechanisms might explain the relation 

between sleep and breakfast. The current investigation explored the association of means and 

variability of sleep behaviors (bedtime, midsleep, sleep duration) as predictors of breakfast 

intake frequency and high-protein breakfast intake frequency. Additionally, the role of positive 

and negative affect as mediators in the sleep—breakfast association was examined. Hierarchical 

regressions and PROCESS parallel mediation models were conducted to assess direct and 
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indirect associations. Variability in bedtime was a significant predictor of breakfast intake 

frequency, with greater variability associated with less frequent intake. Future work is necessary 

to examine further the association of sleep and breakfast behaviors, and psychological 

mechanisms in this relation.
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Bed and Breakfast: The Role of Sleep and Affect in Breakfast Intake 

 

Breakfast is considered the most important meal of the day; yet breakfast skipping 

remains common among American adults (Kant & Graubard, 2006). In fact, 18% of American 

adults skip breakfast according to the National Health and Nutrition Examination Survey 

(NHANES; Kant & Graubard, 2006). Consequently, there is a need to identify factors that serve 

to facilitate or act as a barrier to eating breakfast on a regular basis. Given that consuming 

breakfast is a circadian behavior that occurs once per 24-hour period, other circadian events 

occurring during the same 24-hour period show potential as predictors of breakfast intake. In 

particular, a small body of research has shown that the timing of the sleep period and the time of 

day preference for sleep (e.g., chronotype) are associated with breakfast consumption (Meule, 

Roeser, Randler, & Kübler; 2012; Ogilvie et al., 2017; Reutrakul et al, 2014; Teixeira, Mota, & 

Crispim, 2017; Walker & Christopher, 2015). However, the existing small body of research 

examining sleep as a predictor of breakfast outcomes has significant limitations. In particular, 

existing research has relied on retrospective, single-time assessments of sleep, and failed to 

examine macronutrient composition of breakfast intake. Additionally, these studies have 

overlooked important components of sleep, relied on averages of sleep behaviors as indicators of 

sleep, and neglected to examine potential mediators tying sleep to breakfast intake. 

Consequently, the ultimate aim of the current study is to add to the existing knowledge base 

regarding the role of sleep in breakfast intake by addressing these methodological limitations. 
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Furthermore, the role of affect as a potential mediator of the sleep—breakfast association is 

explored to advance the current knowledge on processes that predict breakfast intake.  

The Importance of Breakfast Intake 

Breakfast, the first meal of the day that breaks the nightly fasting period, is often 

regarded as the most important meal of the day (Spence, 2017). Breakfast is a marker for the 

beginning of a new day and provides energy for all activities that lay ahead (Spence, 2017). 

Nutrition is well recognized as a critical factor affecting our physical and mental health, and 

breakfast consumption is known to be one of the key components of a healthy diet (Rampersaud, 

Pereira, Girard, Adams, & Metzl, 2005). Breakfast serves as a catalyst for a series of 

physiological effects, which, in turn, set off a chain of events throughout the day (Jakubowicz, 

Barnea, Wainstein, & Froy, 2013; Smith, 2002). For example, breakfast intake has strong 

entraining effects on other circadian rhythms including hormonal activity (Froy, 2010; Green, 

Takahashi, & Bass, 2008; Panda et al., 2002). Given the crucial impact breakfast has on physical 

and mental well-being, there is a need to identify factors that promote its intake. Currently, the 

majority of research examining the benefits of eating breakfast has focused on children and 

adolescents. Breakfast intake has been associated with better memory, grades, and school 

attendance (Rampersaud et al., 2005; Sampasa-Kanyinga & Hamilton, 2016), and decreased 

stress, anxiety, and depression (Richards & Smith, 2016). However, there also are notable 

benefits associated with eating breakfast in adults. 

Specifically, for adults, breakfast intake is associated with better cognitive, mental health, 

cardiometabolic, and weight outcomes. Eating breakfast daily is associated with better memory, 

motor, and executive functioning in adults (Galioto & Spitznagel, 2016), and higher reading 

scores in older adults (Smith, 1998). In addition to the cognitive benefits of breakfast 
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consumption, eating breakfast has also been associated with more positive mental health 

outcomes. College students who consumed breakfast were found to have higher happiness and 

lower depressive symptoms in comparison to peers who skipped breakfast (Lee et al., 2017; 

Lesani, Mohammadpoorasl, Javadi, Esfeh, & Fakhari, 2016). Greater health-related quality of 

life, social functioning, and mental health were also associated with breakfast intake in 

Taiwanese adults (Huang, Hu, Fan, Liao, & Tsai, 2010). These studies collectively suggest that 

breakfast intake is associated with better cognitive and mental health outcomes. 

Breakfast intake is also consistently associated with better cardiometabolic and health 

outcomes. Men who consume breakfast have been shown to have significantly lower risk for 

coronary heart disease and stroke (Cahill et al., 2013; Kubota, Iso, Sawada, & Tsugane, 2016). 

Furthermore, Type 2 diabetes risk was found to be lower for both males and females who 

consumed breakfast in comparison to their peers who skipped breakfast (Mekary, Giovannucci, 

Willett, van Dam, & Hu, 2012; Mekary et al., 2013). In addition to cardiometabolic outcomes 

such as coronary heart disease and diabetes, much of the literature has examined the role of 

breakfast in achieving healthy weight outcomes. In a study investigating the effects of breakfast 

intake in participants enrolled in obesity treatment, baseline breakfast intake did not predict 

weight loss during treatment; however increases in breakfast eating during treatment were 

associated with better weight loss outcomes (Megson, Wing, & Leahy, 2016). Additionally, 

when examining the weight loss strategies in a sample of overweight participants with Type 2 

diabetes, those with fewer breakfast meals in a week had higher BMIs (Raynor, Jeffery, 

Ruggiero, Clark, & Delahanty, 2008). Experimental studies have also demonstrated an 

association between breakfast intake and weight. In a study with  participants identified as 

overweight with metabolic syndrome or obese with metabolic syndrome, researchers assigned 
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participants to a group that consumed a higher calorie breakfast and lower calorie dinner, or a 

group that consumed a lower calorie breakfast and higher calorie dinner (Jakubowicz et al., 

2013). Participants who had the higher calorie breakfast had significantly greater weight loss and 

decreases in waist circumference. These results indicate that when calories are distributed 

towards breakfast meals, as opposed to other meals, there are better weight outcomes. Overall, 

the existing research suggests that breakfast intake is associated with better weight outcomes. 

When examining obesity outcomes, it is necessary to investigate other markers of obesity 

in addition to weight loss or gain, such as waist circumference and intra-abdominal adipose 

tissue. In particular, individuals who skipped breakfast in both childhood and adulthood had 

larger waist circumferences in comparison to individuals who consumed breakfast in childhood 

and adulthood (Smith et al., 2010). Breakfast skipping was also associated with higher intra-

abdominal adipose tissue in a sample of overweight Latino youth (Alexander et al., 2009). This 

literature consistently suggests that breakfast intake is associated with many indices of obesity 

(e.g., weight, BMI, waist circumference, intra-abdominal adipose tissue), and breakfast intake is 

associated with better weight outcomes.  

In addition to the positive outcomes associated with breakfast intake, a small body of 

literature has begun to examine the positive outcomes associated with higher-protein breakfasts. 

Similar to literature examining general breakfast intake, higher-protein breakfasts have been 

linked to better cognitive functioning, particularly attention and executive functioning (Galioto & 

Spitznagel, 2016). Additionally, an experimental study found that high-protein breakfast intake, 

in comparison to normal-protein breakfast intake or skipped breakfast intake, was associated 

with prevented fat mass gains over 12 weeks (Leidy, Hoertel, Douglas, Higgins, & Shafer, 

2015). Therefore, those who skipped breakfast or had normal-protein breakfasts experienced fat 
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mass gains over 12 weeks, and those who had high-protein breakfast did not have an increase in 

fat mass. The authors found that the prevented fat mass gains were likely due to observed 

decreases in caloric intake and hunger. This finding is consistent with other literature which 

found high-protein breakfast intake to decrease grehlin concentrations more than a high-

carbohydrate breakfast (Blom et al., 2006). As the hormone grehlin increases feelings of hunger, 

it is plausible that decreased grehlin concentrations are associated with reductions in caloric 

intake and hunger. Decreases in hunger and caloric intake might be of special importance in 

times of energy restriction, such as when someone is reducing calories to lose weight. When in a 

period of energy restriction, increased dietary protein at breakfast was associated with both initial 

and continued feelings of fullness, more than when increased dietary protein was distributed at 

other meal times (Leidy, Bossingham, Mattes, & Campbell, 2009). Overall, these findings 

suggest that higher-protein breakfast intake is associated with better cognitive and 

cardiometabolic outcomes. 

Predictors of Breakfast Intake 

 Although the positive outcomes associated with breakfast intake are well established, 

breakfast is commonly skipped among American adults (Kant & Graubard, 2006). Consequently, 

it is necessary to examine factors that can promote or prevent breakfast intake. As breakfast is a 

behavior that occurs roughly on a 24-hour rhythm, it is likely affected by other daily rhythms 

such as the sleep-wake cycle. Humans have endogenous “body clocks” which govern numerous 

physiological rhythms including circadian cycles of approximately 24 hours (Reddy & O’Neill, 

2009). These clocks guide the timing of multiple physical, mental, and behavioral processes 

(Delezie & Challet, 2011). One of the most obvious circadian rhythms in humans is the sleep-

wake cycle (Markov, Goldman, & Doghramji, 2012), which is regulated by the internal master 
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biological clock located in the suprachiasmatic nucleus. However, feeding behaviors are also 

regulated by the master biological clock (Escobar et al., 2011). Given the shared chronobiology 

of sleep and eating behaviors, it follows that disruption in one of these rhythms could negatively 

impact the other. Consequently, research on breakfast intake and diet has begun to examine the 

impact of sleep on dietary behaviors such as breakfast. 

Chronotypes. We all share a time of day preference for certain behaviors such as 

sleeping. These “time of day preferences” are known as chronotypes and can be classified as 

morning types (preferences for wakening early and going to bed early), evening types 

(preferences for wakening late and going to bed late), and intermediate types (preferring neither 

early wakenings nor late bedtimes; Horne & Östberg, 1976). Chronotypes have been examined 

as predictors of diet behaviors including breakfast intake. Although specific breakfast 

composition has not yet been examined, evening chronotypes are associated with greater 

likelihood of skipping breakfast in general (Meule et al., 2012; Reutrakul et al., 2014; Teixeira et 

al., 2017). Additionally, chronotype was found to mediate the association between personality 

and breakfast intake, such that personality traits of conscientiousness, extraversion, and 

agreeableness predicted breakfast intake through earlier time-of-day preferences (Walker & 

Christopher, 2015). Similar results have been found when investigating the association between 

chronotype and dietary behaviors and attitudes other than breakfast intake. Those with earlier 

chronotypes had more servings of fruits and vegetables (Patterson et al., 2016), and those with 

evening chronotypes had higher total caloric intake, carbohydrate intake, and lipid intake 

(Teixeira et al., 2017). These results support the contention that earlier chronotypes tend to have 

healthier dietary behaviors, including breakfast consumption, in comparison to evening 

chronotypes. It is possible that the association between evening chronotypes and less healthy 
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dietary behaviors could be explained by changes in dietary attitudes. Eveningness preference is 

associated with higher anticipation of positive reinforcement from eating and less guilt for giving 

into cravings, which suggests that chronotypes might influence dietary attitudes, which in turn 

influence dietary behaviors (Meule et al., 2012). Furthermore, in terms of breakfast intake, 

evening types may be more vulnerable to skipping breakfast due to a lack of sufficient time 

resulting from “sleeping in” later in the morning.  

Sleep. Much of the current research on the association between sleep and breakfast intake 

has focused on chronotype, or time of day preference. However, there are many other markers of 

the sleep-wake cycle that warrant consideration as predictors of breakfast intake. Currently, only 

one study has specifically examined sleep as a predictor of breakfast intake (Ogilvie et al., 2017). 

Breakfast skipping was more likely in those who had bedtimes after 00:30 hours, suggesting that 

sleep timing might predict breakfast behaviors. The authors suggest that circadian disruption 

could be a mechanism underlying the association between sleep timing and breakfast intake, 

such that later sleep timing disrupts other circadian rhythms which then impact breakfast intake. 

Although the Ogilvie et al. (2017) study is novel in that it examined the association between 

sleep and breakfast intake, only one characteristic of sleep was examined, and the macronutrient 

composition of breakfast was unexplored. Additionally, sleep timing and breakfast intake were 

measured using a single time self-report questionnaire that inquired about participants’ usual 

bedtimes and waketimes. The use of retrospective questionnaires is problematic in that this 

method is vulnerable to recall bias (Shadish, Cook, & Campbell, 2002). Lastly, this study is 

limited in that it relied solely on information about mean sleep timing, which does not account 

for the typical variations in sleep behaviors (Bei et al., 2016; Dillon et al., 2015). Given that 

highly variable sleep is associated with less healthy dietary behaviors (Duncan et al., 2016; He et 
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al., 2015), there is a need to examine sleep in association with breakfast intake while preserving 

sleep’s inherent night-to-night variability. Although the mechanism by which highly variable 

sleep is associated with less healthy dietary behaviors was not explored, these authors propose 

that highly variable sleep might lead to daytime fatigue, disruptions in hormonal rhythms, or 

increased stress, which in turn influences dietary behaviors (He et al., 2015).  

Sleep and diet. Although there is little research examining sleep patterns as a predictor 

of breakfast behaviors specifically, there is good justification for examining sleep as a predictor 

of breakfast intake given sleep’s known association with diet in general. A large body of research 

has found an association between inadequate sleep duration and weight gain (Chan, Levsen, & 

McCrae, 2017; Fatima, Doi, & Mamun, 2016; Itani, Jike, Watanabe, & Kaneita, 2017), 

suggesting that sleep duration contributes to the energy balance equation (diet and exercise). 

Sleep duration is defined as the total amount of sleep obtained in a 24-hour period (Buysse, 

2014). According to the National Sleep Foundation’s most recent recommendations for sleep 

duration, young adults (18-25) and adults (26-64) should obtain seven to nine hours of sleep each 

night (Hirshkowitz et al., 2015).  

Interestingly, the association between sleep duration and diet tends to follow a U-shaped 

distribution, where both short and long sleep duration have been associated with less healthy 

eating behaviors (Haghighatdoost et al., 2012; Kant & Graubard, 2014; Kim, DeRoo, & Sandler, 

2011; National Sleep Foundation, 2004). Specifically, short and long sleep durations are 

associated with consuming more snacks instead of meals, eating during less conventional hours, 

increased fat intake, increased sweet product intake, and higher intake of empty calories (Kim et 

al., 2010; Xiao et al., 2016). Additionally, short and long sleep durations are associated with 

decreased fruit, vegetable, and protein consumption (Kim et al., 2010; Shechter, Grandner, & St-
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Onge, 2014; Xiao et al., 2016). In a study that experimentally manipulated short sleep duration, 

participants had increased hunger, appetite for sweet and salty foods, calorie consumption, fat 

intake, and carbohydrate intake (Shechter et al., 2012). Using a measure of overall diet quality, 

Mossavar-Rahmani et al. (2017) found that longer sleep duration was associated with greater diet 

quality.  

Although most of the research on sleep and diet focuses on sleep duration, sleep timing is 

another important factor to consider in this association. A small body of research suggests that 

the later bedtimes are linked to poorer dietary choices. For example, experimentally manipulated 

earlier bedtimes were associated with decreases in appetite and desires for sweet and salty foods 

(Tasali et al., 2014). Additionally, later bedtimes were associated with increased intake of sugar-

sweetened beverages, energy drinks, and fast food (Ogilvie et al., 2017). Timing of bedtimes 

appears to be distinct from chronotypes in that chronotypes refer to the timing of the entire sleep 

period, whereas the timing of bedtimes focuses on the start of the sleep period. Although less 

research has examined the role of sleep timing in dietary behaviors, overall, existing literature 

supports the hypotheses that short sleep duration, long sleep duration, and later bedtimes would 

be associated with less frequent breakfast intake. Of note, although this review has focused on 

sleep as a predictor of dietary behaviors, it is important to mention that research has also found 

diet to predict sleep, which implies that the association between sleep and diet is likely 

bidirectional (Knowlden, Hackman, & Sharma, 2016).  

Mechanisms Linking Sleep and Diet 

In addition to a lack of research investigating sleep as a predictor of breakfast intake, 

little is known about the mechanisms that could tie sleep to breakfast intake. Through examining 

the mechanisms by which sleep is associated with breakfast intake, factors in the process leading 
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to increased breakfast intake could be identified and modified in order to achieve more desirable 

dietary outcomes. Research in this area is needed as existing studies have focused on 

mechanisms linking sleep to more general diet outcomes. In particular, in a review of the 

literature, the association between sleep and diet was found to have biological, behavioral, and 

psychological mechanisms (Chaput, 2013). From a biological perspective, experimental studies 

show sleep restriction (e.g., decreased duration) to increase levels of grehlin, a hormone which 

stimulates appetite, and decrease levels of leptin, a hormone which inhibits hunger (Benedict et 

al., 2011; Spiegel et al., 2014; Spiegel, Tasali, Penev, & Van Cauter, 2004). These findings 

suggest that hormones tied to appetite such as leptin and grehlin, might be altered in a way which 

enhances hunger sensations, and therefore influences dietary behaviors.  

Another biological mechanism by which sleep influences diet is via reward activation. 

Sleep restriction increases rewards activation in response to food, and particularly unhealthy 

foods, so that unhealthy foods become even more rewarding to individuals with insufficient sleep 

(Benedict et al., 2012; St-Onge et al., 2012; St-Onge et al., 2013). Additionally, from a 

behavioral perspective, for those who have decreased sleep duration, there is subsequent 

increased awake time and therefore more time and opportunities for eating, often during 

inopportune times for eating such as late at night. Chaput (2013) also posits that it is possible that 

those who have increased awake time to need to consume more food to have enough energy for 

their extended wakefulness.  

Mechanisms regarding the association between long sleep duration and diet outcomes are 

less understood. One potential explanation for this relation is that individuals with long sleep 

duration may subsequently have less time in the day to prepare foods or make plans in relation to 

their diet, which then results in lower diet quality (Xiao et al., 2016). 
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In addition to potential biological mechanisms that explain the association between sleep 

and diet, research has begun to examine the role of psychological variables as a factor linking 

sleep and diet. As sleep influences mental health (Asplund et al., 2004; Robotham, 2011), and 

mental health influences eating behaviors (Dalrymple et al., 2018; Litwin et al., 2017; Meng & 

D’Arcy, 2015), it is plausible that these variables are interconnected. For example, daytime 

sleepiness was associated with the consumption of sweetened products, mediated by anxiety and 

depressive symptoms (Moubarac, Cargo, & Receveur, 2013). As sweetened food products have 

been found to temporarily alleviate fatigue, stress, and anxiety, it follows that the consumption of 

sweets could be initiated by anxiety and depressive symptoms brought on by inadequate sleep 

(Adam & Epel, 2007; Gibson, 2006; Macht, 2008). Accordingly, depression and stress have been 

associated with less healthy dietary patterns (Gonzales & Miranda-Massari, 2014; Jacka et al., 

2015). Additionally, depression has been associated with the specific dietary behavior of 

breakfast skipping (Lee et al., 2016; Sampasa et al., 2016). These results suggest that worse 

mental health is associated with less healthy dietary patterns, including breakfast skipping. Given 

existing research tying mental health to both sleep and diet outcomes, this study assesses the role 

of affect as a precursor to poor mental health as a mechanism linking sleep and breakfast intake. 

Summary and Purpose of Current Study 

Breakfast consumption is an important predictor of numerous positive health and 

psychological outcomes. Breakfast intake is associated with improved nutritional profiles 

(Rampersaud et al., 2005), better cognition and memory (Galioto & Spitznagel, 2016), and more 

positive mental health outcomes (Huang et al., 2010; Lee et al.,  2016; Lesani et al., 2016; 

Richards & Smith, 2016). There is also a strong association between breakfast intake and 

cardiometabolic and weight outcomes (Alexander et al., 2009; Cahill et al., 2013; Jakubowicz et 
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al., 2013; Kubota et al., 2016: Megson et al., 2016; Mekary et al., 2012; Mekary et al., 2013; 

Raynor et al., 2008; Smith et al., 2010). Furthermore, higher-protein breakfast has been 

associated with similar positive outcomes for cognition and cardiometabolic outcomes (Blom et 

al., 2006; Galioto & Spitznagel, 2016; Leidy et al., 2009; Leidy et al., 2015). Despite the 

abundant literature supporting the importance of breakfast intake, breakfast skipping remains 

common among American adults. Results from the 2002 National Health and Nutrition 

Examination Survey (NHANES) showed that 18% of American adults skip breakfast (Kant & 

Graubard, 2006). 

 Given that breakfast skipping is common among American adults, there is a need to 

identify factors that can predict breakfast behaviors. Much of the research investigating 

predictors of breakfast intake has focused on children and adolescents (Bartfeld & Ryu, 2011; 

Olsta, 2013; Pearson et al., 2009; Reddan et al., 2002; Sampasa-Kanyinga et al., 2014). 

However, a small body of research has begun to identify predictors of breakfast intake in adults. 

Specifically, earlier chronotypes have been shown to have more frequent breakfast intake (Meule 

et al., 2012; Reutrakul et al, 2014; Teixeira et al., 2017; Walker & Christopher, 2015). However, 

these studies are limited in that they have only used single time retrospective self-report 

measures of chronotype and breakfast intake. Additionally, less research has investigated how 

other sleep variables may predict breakfast intake. Only one study has examined sleep timing 

and breakfast behaviors, indicating that later bedtimes were associated with breakfast skipping 

(Ogilvie et al., 2017). However, this study did not include other markers of the sleep-wake cycle 

that are known predictors of diet choices such as sleep duration. Additionally, information about 

the macronutrient composition was unexplored, despite evidence suggesting the benefits of a 

higher-protein breakfast (Blom et al., 2006; Galioto & Spitznagel, 2016; Leidy et al., 2009; 
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Leidy et al., 2015). Furthermore, this study relied on a single-item retrospective question about 

mean sleep timing. Not only are daily variations in sleep-wake patterns common and considered 

less healthy (Bei et al., 2016), higher sleep variability is associated with less healthy dietary 

behaviors (Duncan et al., 2016; He et al., 2015). Therefore, it is necessary to also examine daily 

variations in sleep around the mean in relation to breakfast intake (Bei et al., 2016). 

 Another largely unexplored area in the literature is the role of psychological mechanisms 

as a potential pathway by which sleep influences dietary variables, and specifically breakfast 

intake. Over the past few decades, our understanding of the many potential biological 

mechanisms by which sleep predicts dietary behaviors has increased (Chaput, 2013). For 

example, inadequate sleep might increase appetite hormones and food-related reward activation. 

In addition to biological explanations, there is a need to investigate psychological mechanisms 

underlying the sleep—breakfast intake association given the potential to target psychological 

variables to improve breakfast intake. Existing research has identified anxious and depressive 

symptoms as a mediator between daytime sleepiness and increased sweetened product 

consumption (Moubarac et al., 2013). These findings suggest that sleep, mood, and diet might be 

interconnected; inadequate sleep decreases mental health which then leads to less healthy dietary 

behaviors. This pathway is plausible as sleep has been associated with mental health (Asplund et 

al., 2004; Robotham, 2011) and mental health has been associated with eating behaviors 

(Dalrymple et al., 2018; Litwin et al., 2017; Ment & D’Arcy, 2015). Specifically, depression and 

stress have been associated with less healthy dietary patterns, including breakfast skipping 

(Gonzales & Miranda-Massari, 2014; Jacka et al., 2015; Lee et al., 2016; Sampasa et al., 2016).  

The current study investigated the association between sleep, affect, and breakfast in 

adults. Although a small body of research has examined the associations among chronotypes, 
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sleep timing, and breakfast intake, macronutrient composition of breakfast intake and other 

markers of sleep have not yet been explored (i.e., sleep duration). Furthermore, previous research 

has been methodologically homogenous in that it has relied on single-time retrospective self-

report measures of sleep and chronotypes. The current study expanded upon existing literature by 

examining sleep duration, sleep timing, chronotype, and breakfast intake using an archival 

analysis of data collected with an ecological momentary assessment approach. This methodology 

involves the collection of data in real-time and in a variety of settings and conditions, which 

reduces recall bias and more accurately reflects the day-to-day lives of participants. Variability in 

sleep timing, sleep duration, and mid-sleep were also examined, as daily variations in sleep 

patterns are common. Prior studies have overlooked intraindividual variability (IIV) of sleep 

behaviors, despite the importance of variability in sleep behaviors (Bei et al., 2016; Duncan et 

al., 2016; He et al., 2015). Lastly, other than biological mechanisms, the means by which sleep 

might predict breakfast behaviors is largely unexplored. Psychological variables could explain 

the association between sleep and diet, therefore this study investigated affect as a mechanism by 

which sleep predicts breakfast intake.  

In summary, the current study is novel in that it is the first to: a) use ecological 

momentary assessment measures of sleep duration, sleep timing, chronotype, and breakfast 

intake; b) explore predictors of high-protein breakfast intake; c) examine intraindividual 

variability of these sleep variables; d) use concurrent measures of breakfast intake and sleep; and 

e) investigate affect as a mediator of the sleep—breakfast intake association.  

Therefore, this study had three aims:  

Aim 1. The first aim of this study was to examine how sleep behaviors predict breakfast 

intake. Specifically, this study investigated whether mean sleep duration, bed time, and mid-
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sleep predicted breakfast intake and high-protein breakfast intake. Based on a review of the 

literature, I hypothesized that: 

1. Higher mean sleep duration would be associated with more frequent breakfast intake and 

high-protein breakfast intake. 

2. Later mean bed time would be associated with less frequent breakfast intake and high-

protein breakfast intake.  

3. Later mean mid-sleep would be associated with less frequent breakfast intake and high-

protein breakfast intake. 

Aim 2. The second aim of the study was to examine how variability in sleep behaviors 

predict breakfast intake. Specifically, this study investigated whether variability in sleep 

duration, bed time, and mid-sleep predict breakfast intake and high-protein breakfast intake. 

Informed by existing research, I hypothesized that: 

1. Greater variability in sleep duration would be associated with less frequent breakfast 

intake and high-protein breakfast intake. 

2. Greater variability in bed time would be associated with less frequent breakfast intake 

and high-protein breakfast intake. 

3. Greater variability in mid-sleep would be associated with less frequent breakfast intake 

and high-protein breakfast intake. 

Aim 3. The third aim of the study was to investigate the mechanism by which sleep predicts 

breakfast intake. Specifically, this study explored the role of affect as a potential link between 

sleep and breakfast intake and high-protein breakfast intake. Following a review of the literature, 

I hypothesized that: 
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1. Negative affect would mediate any significant relationships found between identified 

sleep variables and breakfast intake. As such, less adequate sleep (e.g., shorter sleep 

duration, higher sleep duration variability, etc.) would predict greater negative affect 

which, in turn, would predict less frequent breakfast intake and high-protein breakfast 

intake. 

2. Positive affect would mediate any significant relationships found between identified sleep 

variables and breakfast intake. For example, more healthful sleep (e.g., earlier bed time, 

lower bed time variability, etc.) would predict greater positive affect which, in turn, 

would predict more frequent breakfast intake and high-protein breakfast intake. 

Method 

Design 

 A secondary data analysis was performed using data from baseline assessments and 

ecological momentary assessments (EMA) included in the Pittsburgh Cold Study 3 (PCS3). The 

Pittsburgh Cold Study 3 was a prospective viral challenge study that collected data from 2007-

2011. The study aimed to investigate the role of childhood experiences, social variables, 

psychological variables, and behavioral measures in common cold susceptibility. These data 

were collected by the Laboratory for the Study of Stress, Immunity, and Disease at Carnegie 

Mellon University under the directorship of Sheldon Cohen, PhD; and were accessed via the 

Common Cold Project (CCP) website (www.commoncoldproject.com). CCP data are made 

publicly available through a grant from the National Center for Complementary and Integrative 

Health (AT006694). The conduct of the studies was supported by grants from the National 

Institute of Allergy and Infectious Diseases (AI066367), with secondary support provided by a 
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grant from the National Institutes of Health to the University of Pittsburgh Clinical and 

Translational Science Institute (UL1 RR024153 and UL1 TR000005).  

Participants 

  Participants completed the Pittsburgh Cold Study 3 (PCS3), which included daily evening 

telephone interviews. All eligible participants were English-speaking adults in good general 

health, between 18 and 55 years of age. Participants also had to meet criteria necessary for 

testing the effects of inoculation of a cold virus such as having no allergies to egg products, no 

psychiatric hospitalizations within last five years, no regular medication regimens, etc. Data 

collection for PCS3 took place from 2007 - 2011 and the sample consisted of 213 participants 

(57.75% men).  

Procedure 

 During the baseline phase of PCS3, participants completed a pencil-and-paper self-report 

questionnaire measuring demographic (age, sex, race/ethnicity, education, employment status, 

and income) and psychological variables (personality traits). Additionally, participants 

completed daily telephone interviews five to seven weeks after completing baseline 

questionnaires. Measures of the daily sleep variables, breakfast intake variables, and affect 

variables were collected during the daily evening telephone interviews. The daily interviews took 

place over 14 days, and lasted about 30 minutes. The interviews were scheduled to be at the 

same time each evening, between the hours of 5:00 p.m. and 9:30 p.m. Participants who missed 

interviews were scheduled to have make-up interviews, and if a participant missed more than 

four of the interviews they were dropped from the study. Finally, 5 weeks after completing daily 

interviews, subjects participated in a viral challenge. Participants were administered a common 

cold virus, and observed throughout five days of a quarantine protocol. 
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Measures 

Sleep. Daily sleep variables (sleep duration, bed time, and chronotype) were computed 

using items from the Daily Social Rhythm Metric included in the daily interviews (Monk, 

Flaherty, Frank, & Kupfer, 1994). This measure was originally designed to assess the extent to 

which an individual is regular or irregular in terms of the timing of daily events, and was adapted 

for the Pittsburgh Cold Study 3 (PCS3) to be a 16-item measure by excluding one item. The 

original measure included two optional items which asked participants if they engaged in an 

activity other than the activities listed in prior items. The adapted measure used in this study only 

included one of the two optional items. Participants were asked whether/when and with whom 

they engaged in 16 daily activities (first contact with another person, had morning beverage, 

etc.). The original measure demonstrated fair test-retest reliability in adults (r = 0.48, p < .002), 

good construct validity, and good criterion validity (Monk, Flaherty, Frank, Hoskinson, & 

Kupfer, 1990, Monk et al., 1994).  

Both mean sleep variables and variability in sleep behaviors were analyzed using items 

from the Daily Social Rhythm Metric. Sleep variability was computed by calculating 

intraindividual variability in sleep behaviors for each participant across 14 days. To calculate 

intraindividual variability, intraindividual standard deviations were calculated and then detrended 

for time to control for any variations due to the effects of observing behaviors over time. 

Specifically, detrending for time produces a variable that precisely reflects variability over time 

that is not due to the effects of time (e.g., practice effects, participation fatigue, etc.), but rather 

due to inherent variations in the behavior of interest. Detrending was conducted via linear 

regression analyses for all participants, where time (linear, quadratic, and cubic functions) was 

inputted as the independent variables and sleep variables was inputted as the dependent 
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outcomes. Intraindividual standard deviations values were then calculated for the sleep behavior 

variables using the time-independent residuals from the aforementioned linear regression 

analyses. This detrending process resulted in measures of sleep variability that were independent 

of any influences of time. 

 Sleep duration. Sleep duration was analyzed using mean sleep duration values and sleep 

duration variability. Mean sleep duration was calculated by subtracting the time participants 

went to sleep from the time participants woke up, and taking the average across 14 days of daily 

interviews. Variability in sleep duration was quantified by calculating intraindividual variability 

in sleep duration over 14 days of daily interviews. 

Bed Time. Bed time was assessed by calculating mean bed time values and bed time 

variability. Bed time was assessed using the item which asks participants what time they went to 

sleep. Mean bed time was calculated by taking the average of the bed time values over 14 days. 

Variability in bed time was quantified by calculating intraindividual variability in bed time over 

14 days of daily interviews. 

 Chronotype. Mid-sleep was used as an indicator of chronotype. Mid-sleep, defined as the 

midpoint between sleep onset and wake time, is a unique indicator of chronotype that takes into 

account both sleep duration and sleep timing (Reutrakul et al., 2014). Mid-sleep was assessed by 

calculating mean mid-sleep values and mid-sleep variability. Mean mid-sleep values were 

calculated by subtracting the time participants went to sleep from the they woke up, dividing this 

by two, and adding this value to the time participants went to sleep. Mean mid-sleep was 

calculated as the average of mid-sleep values across 14 days. Variability in mid-sleep was 

quantified by calculating intraindividual variability in mid-sleep over 14 days of daily 

interviews. 
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Frequency of breakfast intake. Breakfast intake was assessed by calculating the 

frequency of breakfast intake over 14 days of daily interviews. Breakfast intake was measured 

using an item from the Daily Interview Health Behavior scale, which was created for the 

Pittsburgh Cold Study 3 and informed by prior research (Brissette & Cohen, 2002; Cohen, 

Doyle, Alper, Janicki-Deverts, & Turner, 2009; Cohen & Lemay, 2007). Participants were asked 

“What did you have for breakfast this morning?” Responses were coded as either consuming 

breakfast or not consuming breakfast based on the open-ended responses.  

Frequency of high-protein breakfast intake. High-protein breakfast intake was 

assessed by calculating the frequency of high-protein breakfast intake over 14 days of daily 

interviews. High-protein breakfast intake was measured using an item from the Daily Interview 

Health Behavior scale, which was created for the Pittsburgh Cold Study 3 and informed by prior 

research (Brissette & Cohen, 2002; Cohen, Doyle, Alper, Janicki-Deverts, & Turner, 2009; 

Cohen & Lemay, 2007). Participants were asked “What did you have for breakfast this 

morning?” Responses were coded as either consuming a high-protein breakfast or not consuming 

a high-protein breakfast based on the open-ended responses.  

Affect. Affect was assessed by calculating mean negative affect and positive affect 

values. Measures of affect were collected using the Daily Interview Affect Scale, created for the 

study and informed by prior research (Brissette & Cohen, 2002; Cohen, Alper, Doyle, Treanor, 

& Turner, 2006; Cohen, Doyle, Turner, Alpter, & Skoner, 2003; Cohen & Lemay, 2007; Doyle, 

Gentile, & Cohen, 2006). A previous study which used this measure reported good internal 

reliability for the positive affect scale (0.82 to 0.90) and negative affect scale (0.83 to 0.90) 

(Cohen et al., 2006). Participants completed the scale over 14 days of daily interviews. The scale 

includes 14 items of mood adjectives (e.g., sad, full of pep, tired), and requires participants to 
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rate the extent to which the adjectives described how they had been feeling that day on a 4-point 

scale (0 - “haven’t felt that way at all today”; 4 – “felt that way a lot today”). Positive affect was 

calculated by taking the mean of three relevant individual subscales (e.g., calm, well-being, 

vigor), and negative affect was calculated similarly (e.g., anxiety, depression, anger, fatigue). 

Potential covariates. Although the current study focused on the associations between 

sleep, affect, and breakfast intake; there are potential covariates which are important to consider. 

Age, personality traits, income, and education have been associated with breakfast intake (Lee et 

al., 2016; Morgan, Zabik, & Stampley, 1986; Walker & Christopher, 2015). Additionally, 

race/ethnicity, gender, income, and employment status have been associated with sleep (Crain, 

Brossoit, & Fisher, 2017; El-Sheikh, Kelly, Sadeh, & Buckhalt, 2014; Mallampalli & Carter, 

2014). Therefore, potential covariates examined in the current study included age, personality 

traits, income, education, gender, race/ethnicity, and employment status. These variables were 

obtained from the baseline questionnaires. The measure of race/ethnicity consists of six 

categories (e.g., White/Caucasian, Black/African-American, Native American/Eskimo/Aleut, 

Asian/Pacific Islander, Hispanic/Latino, Other) and educational level includes nine categories 

(did not finish high school to doctoral degree). Employment status was assessed by asking 

participants if they were employed, and coded as “yes” or “no”. Annual income is a continuous 

variable which is based on a question assessing participants’ total household income. Lastly, 

personality was measured using the International Personality Item Pool (IPIP) Big-Five Factor 

Markers (Goldberg, 1999; Goldberg et al., 2006), which assesses the five major dimensions of 

personality (extraversion, agreeableness, conscientiousness, emotional stability, openness). The 

measure requires participants to rate the extent 50 self-referent descriptive phrases accurately 
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reflect how they are generally, in order to derive relative levels of each of the five personality 

dimensions. 

Statistical Analyses 

To assess aims 1 and 2, hierarchical regressions were conducted while controlling for 

selected covariates. To assess aim 3, Hayes’ SPSS PROCESS macro (Hayes, 2013) was used to 

run parallel mediation models to test the mediating roles of positive and negative affect in the 

association between sleep and breakfast intake. All parallel mediation models controlled for 

identified covariates. Using the PROCESS macro, the indirect effect of positive and negative 

affect was tested using a non-parametric, bias-corrected bootstrapping procedure that provided 

an empirical approximation of the sampling distribution of the product of the estimated 

coefficients in the indirect paths using 5,000 resamples from the dataset.  

Power calculations using G*Power (Faul, Erdfelder, Buchner, & Albert-Georg, 2009) 

suggested that a hierarchical regression analysis with three predictors, and a maximum of seven 

potential covariates, would require a sample size of at least 55 participants to predict an effect 

size of at least .15 at an alpha level of .05, with a power of .80. In the current study, assuming a 

medium effect size, 213 participants was sufficient to detect an effect. Additionally, power 

calculations using G*Power (Faul, Erdfelder, Buchner, & Albert-Georg, 2009) suggested that for 

a simple mediation analysis using a maximum of seven potential covariates, would require a 

sample size of at least 114 participants to predict an effect size of at least .15 at an alpha level of 

.05, with a power of .80. In the current study, assuming a medium effect size, 213 participants 

was again sufficient enough to detect an effect. 

Results 

Data Preparation and Data Cleaning 
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 SPSS 24.0 was used for all data analyses. To assure that data met assumptions of planned 

analyses, data were cleaned and descriptive statistics were first calculated (means, standard 

deviations, and frequencies). Skewness, kurtosis, and outliers for all main variables and 

covariates of interest were calculated to check assumptions of normality and outliers. Skewness 

and kurtosis values for mean midsleep, breakfast intake frequency, high protein breakfast intake 

frequency, and positive affect were close to or below an absolute value of 1, indicating, that they 

were approximately normally distributed. Additionally intraindividual variability of waketime, 

bedtime, duration, and midsleep presented with normal distributions. Mean sleep timing, mean 

negative affect, and income were positively skewed and had positive kurtosis (i.e., values greater 

than 1). After windsorizing identified outliers for each variable, newly calculated skewness and 

kurtosis values indicated the variables were normally distributed. Mean sleep duration and mean 

wake time were negatively skewed and had negative kurtosis (i.e., values less than -1). After 

windsorizing identified outliers for each variable, newly calculated skewness and kurtosis values 

indicated the variables were normally distributed. In addition to a review of skewness, kurtosis, 

and outliers, assumptions of independence, normality, multicollinearity, and homoscedasticity 

were assessed. All remaining assumptions were sufficiently met. Less than 4% of the data from 

daily diaries used to calculate sleep, affect, and breakfast variables were missing. 

Descriptive and Correlational Results 

 First, bivariate correlations were conducted between potential covariates (weight, age, 

personality traits, income, education, race, gender, employment status) and dependent variables 

(breakfast intake frequency and high protein breakfast intake frequency) to assess which 

potential covariates to include in subsequent analyses. Income was significantly negatively 

correlated with breakfast intake frequency, and education and employment were significantly 
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positively correlated with high protein breakfast intake frequency. Therefore, income, education, 

and employment were included as covariates in all statistical models. Mean wake time was also 

included as a covariate in models assessing mean sleep characteristics as independent variables, 

and intraindividual variability of wake time was included as a covariate in models assessing 

intraindividual variability of sleep characteristics as independent variables.  

 Next, descriptive statistics for sociodemographic characteristics were examined (Table 

1). On average, participants were 30.32 years old (SD = 10.91), primarily male (57.70%), and 

mostly White (65.40%). The majority were employed (59.40%) and had a High School diploma 

(28.50%). The median annual household income was $12,500 (M = $20,740.31, SD = 

19,879.99). Descriptive statistics were also examined for variables of interest (Table 2). 

Participants had an average of 8.44 (SD = 4.53) days of breakfast intake out of a possible 14 

days, and an average of 3.40 (SD = 3.39) days of high-protein breakfast intake out of a possible 

14 days. Participants had a mean negative affect score of 2.86 (SD = 2.65) out of a possible range 

of scores of 0-32. Participants had a mean positive affect score of 14.50 (SD = 4.29) out of a 

possible range of scores of 0-24. Regarding sleep characteristics, the sample had a mean bedtime 

of approximately 12:30 A.M (SD = 86.38 minutes), a mean midsleep of approximately 4:30 

A.M. (SD = 87.65 minutes), a mean wake time of approximately 8:45 A.M. (SD = 93.37 

minutes), and a mean duration of approximately 7.61 hours (SD = 67.83 minutes). Next, Pearson 

correlations were conducted to examine bivariate associations between all main variables of 

interest (i.e., mean sleep characteristics, intraindividual variability of sleep characteristics, 

breakfast intake frequency, high-protein breakfast intake frequency, mean negative affect, and 

mean positive affect; Table 3). 
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Table 1  

Sociodemographic Characteristics of Participants 

 N Percentage (%) 

Age   

     18-29 133 64.25 

     30-39 25 12.08 

     40-49 27 13.04 

     50-55 22 10.63 

Gender   

     Male 120 57.97 

     Female 87 42.03 

Race/Ethnicity   

     White/Caucasian 136 65.70 

     Black/African American 58 28.02 

     Native American/Eskimo/Aleut 1 .37 

     Asian/Pacific Islander 4 1.93 

     Hispanic/Latino 3 1.45 

     Other 5 2.42 

Education   

     Did not finish high school 6 2.90 

     High school graduate 59 28.50 

     Less than 2 years of college 41 19.81 

     Associate’s degree or equivalent 49 23.67 

     Bachelor’s degree 43 20.77 

     Master’s degree 8 3.86 

     Doctoral degree 2 0.97 

 

Table 2  

Descriptive Statistics for Breakfast, Sleep, and Affect Variables 

 M SD Range 

Breakfast    

Frequency of breakfast intake 

over 14 days 

8.44 4.53 0 - 14 

Frequency of high-protein 

breakfast intake over 14 days 

3.40 3.38 0 - 14 

Sleep    

Wake time (Military Time) 08:44 93.37 minutes 04:22 - 12:58 

Bedtime (Military Time) 00:39 86.38 minutes 21:02 - 05:41 

Sleep duration (minutes) 456.74 67.83 235.77 - 673.93 

Midsleep (Military Time) 04:28 87.65 minutes 00:34 - 06:26 

Affect    

Negative affect 2.85 2.65 0 - 11.86 
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Positive affect 14.50 4.29 2.71 - 24.00 

 

Table 3  

Pearson Correlation Coefficients Among Breakfast, Sleep, Affect, and Covariates 

 Breakfast intake 

frequency 

High-protein 

breakfast intake 

frequency 

Positive affect Negative affect 

High-protein 

breakfast intake 

frequency 

-.07    

Positive affect .01 -.02   

Negative affect <.01 -.07 -.39**  

Mean bedtime -.28** -.03 .02 -.03 

Mean sleep 

duration 

-.06 -.10 -.08 .06 

Mean midsleep -.30** -.07 -.01 -.01 

Mean wake time -.34** -.08 -.01 -.01 

IIV bedtime -.17* -.02 .04 -.11 

IIV sleep 

duration 

-.25** -.04 .07 -.02 

IIV midsleep -.15* -.02 -.01 -.11 

IIV wake time -.19** -.02 -.03 -.05 

Note. * p < .05. **p < .001. 

 

 

Association between Mean Sleep Variables and Breakfast Intake  

 To investigate how well mean sleep duration, bedtime, and midsleep predicted breakfast 

intake frequency when controlling for mean wake time, income, education, and employment, a 

hierarchical linear regression was computed. Mean wake time, income, education, and 

employment were entered as covariates into the first model, and were significantly associated 

with breakfast intake frequency, F(4, 193) = 326.31, p < .001, R2 = .83. Lower income (β = -.87, 

t(193) = -28.415, p < .001) and lower education (β =-.06, t(193) = -2.03, p = .044) were 

associated with greater breakfast intake frequency. Furthermore, earlier waketime (β -.13, t(193) 

= -4.11, p < .001) was associated with greater breakfast intake frequency. This initial model 

shows that 83.00% of the variance in breakfast intake frequency can be predicted by mean wake 
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time, income, education, and employment of participants. When mean sleep duration, bedtime, 

and midsleep were added to the model, they did not significantly improve the prediction ∆ R2 = 

.01, ∆F(3, 190) = 2.47, p = .063. All variables together significantly predicted breakfast intake 

frequency F(7, 190) = 139.18, p < .001, R2 = .83 (Table 4), however  income was the only 

predictor that remained significant (β < .01, t(190) = -28.28, p < .001) with lower income 

predicting greater breakfast intake frequency.  

Table 4 

Mean Sleep Variables as Predictors of Breakfast Intake 

 β T F R2 

Model 1   236.31 .83** 

Income -.87 -28.42**   

Education -.06 -2.03*   

Employment .01 .16   

Mean Wake Time -.13 -4.11**   

Model 2   139.18 .84** 

Income -.87 -28.28**   

Education -.06 -1.95   

Employment .01 .22   

Mean Wake Time -.04 -.36   

Mean Midsleep 1.34 1.05   

Mean Bedtime -1.43 -1.13   

Mean Sleep Duration -.52 -1.03   

Note. *p < .05, **p < .001 

Association Between Mean Sleep Variables and Breakfast Protein Intake  

To investigate how well mean sleep duration, bedtime, and midsleep predicted high-

protein breakfast intake frequency when controlling for mean wake time, income, education, and 

employment, a hierarchical linear regression was computed. Mean wake time, income, 

education, and employment were entered as covariates into the first model, and significantly 

predicted high-protein breakfast intake frequency, F(4, 201) = 4.97, p = .001, R2 = .09. Higher 

education (β =.18, t(198) = 2.56, p = .011) and being employed (β .19, t(198) = 2.81, p = .005) 

was associated with greater high-protein breakfast intake frequency. This initial model shows 
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that 9.00% of the variance in high-protein breakfast intake frequency is predicted by the mean 

wake time, income, education, and employment of participants. When mean sleep duration, 

bedtime, and midsleep were added to the model, they did not significantly improve the prediction 

∆R2 = .01, ∆F(3, 198) = .54, p = .654. All variables together significantly predicted breakfast 

intake frequency F(7, 198) = 3.05, p = .005, R2 = .10 (Table 5). Although, only education (β = 

.17, t(198) = 2.5`, p = .013) and employment (β = .19, t(198) = -2.73, p = .007) remained 

significant, indicating that higher education and being employed were associated with greater 

high-protein breakfast intake frequency.  

Table 5 

Mean Sleep Variables as Predictors of High-Protein Breakfast Intake  

 β t F R2 

Model 1   4.97 .09* 

Income .08 1.21   

Education .18 2.56*   

Employment .19 2.82*   

Mean Wake Time -.12 -1.67   

Model 2   3.05 .10* 

Income .07 1.05   

Education .17 2.51*   

Employment .19 2.73*   

Mean Wake Time -.03 -.14   

Mean Midsleep -2.09 -.70   

Mean Bedtime 2.02 .69   

Mean Sleep Duration .71 .61   

Note. *p < .05. **p < .001. 

Association between Intraindividual Variability of Sleep Variables and Breakfast Intake  

 To investigate how well intraindividual variability of sleep duration, bedtime, and 

midsleep predicted breakfast intake frequency when controlling for intraindividual variability of 

wake time, income, education, and employment, a hierarchical linear regression was computed. 

Intraindividual variability of wake time, income, education, and employment were entered as 

covariates into the first model, and significantly predicted breakfast intake frequency, F(4, 191) 
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= 211.22, p < .001, R2 = .82. Both lower income (β = -.90, t(188) = -28.34, p < .001) and lower 

education (β = -.06, t(188) = -2.04, p = .043) were associated with greater breakfast intake 

frequency. This initial model shows that 81.60% of the variance in breakfast intake frequency is 

predicted by the intraindividual variability of wake time, income, education, and employment of 

participants. When intraindividual variability of sleep duration, bedtime, and midsleep were 

added to the model, they significantly improved the prediction ∆ R2 = .01, ∆F(3, 188) = 4.63, p = 

.004. Additionally, all variables together significantly predicted breakfast intake frequency F(7, 

188) = 129.55, p < .001, R2 = .83 (Table 6). Although intraindividual variability of sleep duration 

(p = .159) and midsleep (p = .144) were not significant individual predictors of breakfast intake 

frequency, intraindividual variability of bedtime was a significant individual predictor (β = -.14, 

t(188) = -2.06, p = .041). Higher variability in bedtimes was associated with decreased breakfast 

intake frequency. Income (β = -.89, t(188) = -28.71, p < .001) and education (β = -.07, t(188) = -

2.37, p = .052) were also significant individual predictors of breakfast intake frequency. Lower 

income and education were associated with greater breakfast intake frequency. 

Table 6 

Intraindividual Variability of Sleep Variables as Predictors of Breakfast Intake  

 β t F R2 

Model 1   211.22 .82** 

Income -.99 -28.34**   

Education -.06 2.04*   

Employment <-.01 -.05   

IIV Wake Time -.03 -.96   

Model 2   129.55 .83** 

Income -.89 -28.71**   

Education -.07 -2.37*   

Employment -.01 -.20   

IIV Wake Time -.04 -.57   

IIV Midsleep .13 -1.47   

IIV Bedtime -.14 -2.06*   

IIV Sleep Duration -.06 -1.41   

Note. Intraindividual variability (IIV). *p < .05. **p < .001. 
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Association between Intraindividual Variability of Sleep Variables and Breakfast Protein 

Intake  

To investigate how well intraindividual variability of sleep duration, bedtime, and 

midsleep predicted high-protein breakfast intake frequency when controlling for intraindividual 

variability of wake time, income, education, and employment, a hierarchical linear regression 

was computed. Intraindividual variability of wake time, income, education, and employment 

were entered as covariates into the first model, and significantly predicted high-protein breakfast 

intake frequency, F(4, 199) = 4.10, p = .003, R2 = .06. Higher education (β = .18, t(196) = 2.54, p 

= .012) and being employed (β = .18, t(196) = 2.63, p = .009) was associated with greater high-

protein breakfast intake frequency. This initial model shows that 5.80% of the variance in high-

protein breakfast intake frequency is predicted by the mean wake time, income, education, and 

employment of participants. When intraindividual variability of sleep duration, bedtime, and 

midsleep were added to the model, they did not significantly improve the prediction ∆ R2 < .01, 

∆F(3, 196) = .07, p = .975. All variables together significantly predicted high-protein breakfast 

intake frequency F(7, 196) = 2.34, p = .026, R2 = .08 (Table 7), although only education (β = .18, 

t(196) = 2.50, p = .013) and employment (β = .18, t(196) = 2.61, p = .010) remained significant 

individual predictors. Higher education and being employed were associated with greater high-

protein breakfast intake frequency. 
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Table 7 

Intraindividual Variability of Sleep Variables as Predictors of High-Protein 

Breakfast Intake 

 β t F R2 

Model 1   4.10 .06* 

Income .06 .82   

Education .18 2.54*   

Employment .18 2.63*   

IIV Wake Time <.01 <.01   

Model 2   2.34 .08* 

Income .06 .84   

Education .18 2.50*   

Employment .18 2.61*   

IIV Wake Time -.03 -.24   

IIV Midsleep .07 .39   

IIV Bedtime -.04 -.97   

IIV Sleep Duration -.01 -.07   

Note. Intraindividual variability (IIV). *p < .05. **p < .001. 

 

Affect as a Mediator of the Association between Sleep and Breakfast Intake  

To examine the indirect effect of sleep variables on breakfast intake variables via 

negative and positive affect, parallel mediation models using PROCESS were conducted using 

5,000 bootstraps (Hayes, 2012).  

Indirect association of mean sleep variables with breakfast intake frequency. To 

examine the indirect effect of mean sleep variables (bedtime, midsleep, and sleep duration) on 

breakfast intake frequency via negative and positive affect, parallel mediation models were 

conducted. Overall models were not significant, and no significant indirect effects of positive or 

negative affect were detected (See Appendix for Figures 1-3). 

Indirect association of mean sleep variables with high-protein breakfast intake 

frequency. To examine the indirect effect of mean sleep variables (bedtime, midsleep, and sleep 
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duration) on high-protein breakfast intake frequency via negative and positive affect, parallel 

mediation models were conducted. Overall models were not significant, and there were no 

significant indirect effects of positive or negative affect (See Appendix for Figures 4-6). 

Indirect association of IIV sleep variables with breakfast intake frequency. To 

examine the indirect effect of IIV sleep variables (bedtime, midsleep, and sleep duration) on 

breakfast intake frequency via negative and positive affect, parallel mediation models were 

conducted. Overall models were not significant, and no significant indirect effects of positive or 

negative affect (See Appendix for Figures 7-9). 

Indirect association of IIV sleep variables with high-protein breakfast intake 

frequency. To examine the indirect effect of IIV sleep variables (bedtime, midsleep, and sleep 

duration) on high-protein breakfast intake frequency via negative and positive affect, parallel 

mediation models were conducted. Overall models were not significant, and there were no 

significant indirect effects of positive or negative affect on breakfast intake frequency (See 

Appendix for Figures 10-12). 

Discussion 

 The aim of the current study was to uncover what aspects of sleep are connected to 

healthier breakfast habits, including consuming breakfast more often and consuming higher-

protein breakfasts. This study also examined how sleep is connected to breakfast behaviors; for 

example, do aspects of sleep predict affect, which then predicts breakfast behaviors? Although 

no associations were observed between average sleep characteristics and breakfast behaviors, 

and affect did not explain how sleep characteristics are linked to breakfast behaviors, variability 

in bedtimes was associated with breakfast behaviors. Specifically, having more regular bedtimes 

was associated with consuming breakfast more often.  
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  The current study’s finding that more variable bedtimes are predictive of less frequent 

breakfast intake is similar to a broader body of research which found variability in sleep 

behaviors was associated with negative health outcomes including multiple physical health 

conditions, higher body mass index, weight gain, and unipolar and bipolar depression symptoms 

(Bei et al., 2016). Additionally, the current findings support research more specifically related to 

diet outcomes that has shown highly variable sleep is associated with less healthy dietary 

behaviors (Duncan et al., 2016; He et al., 2015). Specifically, more variable sleep, but not mean 

sleep duration, was associated with less healthy dietary behaviors such as increased frequency of 

snack consumption, increased overall daily caloric intake (He et al., 2015), and decreased 

habitual dietary quality (Duncan et al., 2016). The current study builds upon these findings by 

examining the specific healthy dietary behavior of consuming breakfast on a daily basis.  

Although the process by which variable sleep negatively predicts health behaviors is not fully 

known, it is possible that more variable sleep disrupts the sleep-wake cycle, which then 

contributes to the misalignment of other daily rhythms. Circadian rhythms are not only 

responsible for guiding the sleep-wake cycle, they also guide numerous mental and physical 

processes such as affective rhythms (Miller et al., 2015), hormonal secretions controlling hunger 

and fullness, and feeding behaviors (Delezie & Challet, 2011). Since the sleep-wake cycle and 

dietary behaviors follow daily rhythms, disruption of the timing of one cycle likely contributes to 

disruption in other cycles. Therefore, variability in sleep may disrupt other daily rhythms, such 

as feeding behaviors like breakfast intake (Escobar et al., 2011). For example, an individual may 

exhibit variable bedtimes by going to sleep at 1 A.M. one night and 8 P.M. the next night. This 

variability in bedtime could contribute to misalignment of the sleep-cycle and subsequent effects 

on other circadian rhythms. Daily rhythms of hormonal secretions which guide feeding behaviors 
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could misalign, influencing hunger levels. When the sleep-cycle and other daily rhythms are 

aligned, hunger should occur in the morning to encourage the consumption of breakfast. In this 

example, after having highly irregular bedtimes, the individual may not experience hunger in the 

morning and therefore be less likely to consume breakfast. 

Although this study found variability in bedtime was associated with less frequent 

breakfast intake, mean sleep variables did not emerge as predictors of breakfast behaviors. 

Variations in sleep behaviors are common, in fact within-person variability in sleep behaviors is 

more prevalent than between-person variability (Dillon, Lichstein, Dautovich, Taylor, Riedel, & 

Bush, 2014). Therefore, variability in sleep behaviors may give a more accurate picture of true 

sleep behaviors in comparison to relying on mean information of sleep (Bei et al., 2016).  

There are also unique characteristics of the sample that may suggest variability is 

particularly important to examine for this sample. A large portion of the sample, 40.6%, reported 

having no part-time or full-time employment. The unemployment rate for the U.S. population 

was 3.8% as of May 2018, which is substantially lower than the unemployment rate found in the 

current study’s sample (Bureau of Labor Statistics, 2018). The sample’s employment 

characteristics suggest that the participants had the opportunity to follow different and more 

flexible schedules than typical adults, which could have increased the sleep variability in the 

sample. Therefore, variability may be an especially relevant marker of sleep in this sample, as 

opposed to mean sleep characteristics, because it captures the more variable and flexible 

schedules of participants.  

To encourage more regularity in bedtimes, and potentially increase the likelihood of 

consuming breakfast more frequently, increased awareness of healthy sleep behaviors, such as 

regular bed timing, is necessary. As such, clinical implications of the current study include 
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increasing awareness of core sleep hygiene practices, such as maintaining regular bed and wake 

times across weekdays and weekends. Additionally, other sleep hygiene recommendations that 

could improve regularity in bedtimes include spending less time in bed, not using electronics 

before bedtime, and setting up a consistent bedtime routine (Stepanski & Wyatt, 2003). Engaging 

in these sleep hygiene behaviors better entrains the circadian system to encourage healthful sleep 

and can become a cue for feeling sleepy at a similar time each night. By not using electronics 

before bed, and not spending excess time in bed (e.g., using the bed for activities other than sleep 

or sex), individuals may be better able to fall asleep easier, which then encourages more regular 

bed timing. Education programming to increase knowledge and awareness of healthy sleep 

behaviors is a plausible avenue to convey this information to the general public. Sleep education 

programming has been effective in improving sleep hygiene knowledge and behaviors in a 

college student sample (Hershner & O’Brien, 2018). Participants spent about 20 minutes on a 

website which aimed to provide general sleep hygiene education insight into participant’s 

individual sleep patterns. After spending time on this sleep education website, there were 

improvements in knowledge of sleep hygiene, as well as improvements in specific sleep hygiene 

behaviors (stopping electronic use earlier, keeping a more regular sleep schedule, napping less, 

and waking earlier in the week). As this sleep education intervention was short and based online, 

it would likely be accessible and feasible for a broader population than just college students. 

Lastly, this study found that both positive and negative affect did not underlie the 

association between sleep characteristics and breakfast behaviors. One possible explanation for 

the lack of a significant mediation by negative affect is that reported negative affect in the 

sample was relatively low (M = 2.86, range of 0 - 11.86), especially when considering the range 

of possible scores (0-32). As such the ability to assess negative affect’s role as a mediator is 
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limited by the low reported value and consequent restricted range. The positive affect scores, 

however, were more typical, suggesting that the lack of significant mediation by positive affect 

may be more valid. It is possible that positive affect plays less of an important role in predicting 

breakfast behaviors compared to negative affective states. For example, variables related to 

negative affect such as higher depressive symptoms have been associated with more breakfast 

skipping (Lee et al., 2016; Sampasa et al., 2016), which suggests negative affect should still be 

explored as a potential pathway between sleep behaviors and breakfast behaviors.  

Importantly, the study results need to be interpreted within the context of the unique 

study design. As participants were required to take part in a five-day quarantine for the study’s 

protocol, the employment and income characteristics of the sample may be a reflection of the 

type of participant who is able to meet this eligibility criteria. It is likely that those who are 

unemployed, or have very flexible work schedules, are the type of participants who are able to 

participate in a quarantine protocol. Accordingly, the median annual household income of the 

current sample is lower than recent population estimates. The current sample’s median annual 

household income between 2007-2011 was $12,500, however reports from the U. S. Census 

Bureau indicate that the median household income in 2016 was $59,039 (Semega, Fontenot, & 

Kollar, 2018). Additionally, as mentioned earlier, it is of note that 40.6% of the sample reported 

having no part-time or full-time employment. Although no occupation-specific data was 

collected, it is possible that the employment and income demographics describe a sample of 

college students. The age of the majority of the sample was consistent with college-aged students 

(64.3% between the ages of 18-29), as the National Center for Education Statistics (2015) found 

that 75.97% of college students were between the ages of 18-29 in 2015. Consequently, it is 
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possible that the majority of the sample may have been enrolled as students and, hence, had more 

flexible schedules that allowed them to participate in a quarantine protocol.  

The uniqueness of the sample may have influenced sleep and breakfast behaviors, as 

demographic covariates were significantly associated with breakfast behaviors. Lower income 

and less education were associated with more frequent breakfast intake. Although research has 

not yet examined the association between education level and breakfast intake, prior studies have 

found low income to be associated with breakfast skipping (Lee et al., 2016), which is discordant 

from this study’s findings.  As the income and education characteristics of the current sample 

were particularly unique, these unexpected results may have been influenced by the unique 

context of the sample. Strengths and Limitations 

 The current study has many strengths and builds upon the previous literature, however 

there are several limitations to address. In addition to the income and employment characteristics 

mentioned above, the sample reported breakfast and sleep behaviors that were unexpected in 

comparison to the general population and may limit the generalizability of the current study. For 

example, although breakfast intake frequency over time has not been previously examined, rates 

of breakfast skipping in adults appears to be lower than the average breakfast intake frequency of 

the current sample (Kant & Graubard, 2006). Based on a one-time 24-hour dietary recall, results 

of the National Health and Nutrition Examination Survey indicate that 18% of American adults 

skip breakfast (Kant & Graubard, 2006); whereas individuals in the current study consumed 

breakfast on average 8.44 out of 14 days. Additionally, although there is no research examining 

the prevalence of adequate macronutrient consumption in breakfast, the intake of high-protein 

breakfast in this study’s sample seems to be relatively low, with individuals in the current study 

consuming high-protein breakfast on average 3.4 days out of 14 days.  
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The sleep behaviors of the sample are also divergent from research using nationally 

representative samples. The current sample reported a mean bedtime of 12:30 A.M., however 

73% of American adults go to bed between 10 P.M. and 12 A.M. on both weekdays and 

weekends (National Sleep Foundation, 2005). The current sample also reported a mean wake 

time of 8:45 A.M., which is much later than what 72% of American adults report (between 5 

A.M. and 8 A.M.; National Sleep Foundation, 2005). These findings suggest that the current 

sample may have a different overall timing of the sleep period compared to most American 

adults which could have differentially affected their breakfast behaviors. Despite the delayed 

timing of the sleep period, the sample had an average sleep duration of 7.61 hours a night, which 

is similar to averages reported by American adults (6.8-7.4 hours; National Sleep Foundation, 

2005) and meets the National Sleep Foundation recommendations of 7-9 hours of sleep a night 

(National Sleep Foundation, 2005).  

Another limitation of the current study is the restricted range of reported negative affect 

which may have limited the study’s ability to assess negative affect’s role as a mediator. It is 

possible that the sample responded in socially desirable ways to items assessing negative affect 

(Chen et al., 1997). It is also possible that affect was not collected at appropriate times, as 

participants were asked to recall their average affective experiences towards the end of the day. 

Due to recall bias, this may not be the best methodology to assess affect. As affect is a highly 

variable experience, it may be better to measure affect at multiple time-points throughout the day 

(Eid & Diener, 1999). 

 Additionally, although G*Power calculations concluded that the current sample was 

powered to detect a medium effect size, the sample may not have had enough power to detect 

small effects which could have contributed to the lack of significant findings. Post-hoc G*Power 
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analyses indicate that to detect a small effect size assessing the study’s aims, a sample size of at 

least 725 participants (versus current sample of 207 participants) would be necessary.  

 Lastly, the current study did not account for shift work when measuring sleep, affect, and 

breakfast variables over 14 days. Engaging in shift work could alter both sleep and eating 

schedules, potentially confounding results (Oexman, Knotts, & Koch, 2002). Consequently, 

future studies should assess for shift work in participants. The current study also did not compare 

sleep and breakfast behaviors across weekdays and weekends. Given that sleep behaviors can be 

altered on weekend days in comparison to weekdays, comparison of weekday versus weekends 

may have yielded differing results (Knutson, Van Cauter, Rathouz, DeLeire, & Lauderdale, 

2010; Roepke & Duffy, 2010).  

 Although the current study includes several limitations, there are many strengths in this 

study’s design. Prior research has measured sleep and breakfast intake variables using one-time 

self-report questionnaires (Ogilvie et al., 2017). This methodology does not provide enough 

information to assess variability in sleep behaviors, which are known to be highly variable (Bei 

et al., 2016). Additionally, retrospective single-time assessments are more subject to recall bias. 

Therefore, the current study used ecological momentary assessment over 14 days, to capture the 

variability in these behaviors and reduce the risk of recall bias. The current study also calculated 

intraindividual variability in sleep behaviors, as opposed to simply relying on the means of 

variables.  

Future Directions 

Although this study expanded upon prior literature by using ecological momentary 

assessment to measure sleep behaviors concurrently with breakfast behaviors, other 

methodological approaches should be used in the future. As actigraphy is regarded as an 
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ecologically valid objective measure of sleep behavior, future studies should utilize actigraphy 

over one to two weeks to more accurately measure sleep behaviors in addition to sleep diaries 

(Ancoli-Israel, 2015). Additionally, the use of multiple within-day assessments may be 

beneficial. This approach using multiple within-day assessments could provide more insight into 

the within-day variations in daily behaviors and affect which may be affected by bedtime 

variability. Future research should also account for which day of the week measurements are 

taken, as sleep behaviors are altered on weekend days in comparison to weekdays (Knutson, Van 

Cauter, Rathouz, DeLeire, & Lauderdale, 2010; Roepke & Duffy, 2010). Additionally, it would 

be beneficial to measure breakfast intake, particularly the dietary quality and components of 

breakfast intake, using measures like dietary recalls to provide more information on 

macronutrient, micronutrient, and caloric composition of breakfasts. Since variability in bedtime 

may misalign circadian rhythms, future research should also consider examining other variables 

associated with circadian rhythms. For example, including measures which assess additional 

sleep characteristics (sleep quality, daytime fatigue), daily schedules, and ratings of hunger and 

fullness may provide enough information to assess how variability in bedtime is associated with 

decreased breakfast intake.  

Summary 

The current study examined the association between sleep behaviors, affect, and 

breakfast behaviors. Greater variability in bedtime emerged as a predictor of less frequent 

breakfast intake. As such, the current study informs recommendations regarding bedtimes. 

Results suggest that the time one goes to bed is of less importance. However, having a more 

regular and routine bedtime is predictive of higher breakfast intake frequency. Clinical 

implications of this study include increasing awareness of core sleep hygiene behaviors, 
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including having more regular sleep schedules. Education programming to increase awareness 

and knowledge of sleep hygiene behaviors would be a plausible step to improve sleep hygiene 

behaviors. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



42 
 

References 

Alexander, K., Ventura, E., Spruijt-Metz, D., Weigensberg, M., Goran, M., & Davis, J. (2009). 

 Association of breakfast skipping with visceral fat and insulin indices in overweight 

 Latino youth. Obesity, 17, 1528-1533. doi: 10.1038/oby.2009.127 

Ancoli-Israel, S., Martin, J. L., Blackwell, T., Buenaver, L., Liu, L., Meltzer, L. J., …Taylor D. 

 J. (2015). The SBSM guide to actigraphy monitoring: Clinical and research applications. 

 Behavioral Sleep Medicine, 13, S4-S38. doi: 10.1080/15402002.2015.1046356. 

Aschoff, J. (1965). Circadian rhythms in man. Science, 148, 1427-32. doi: 

 10.1126/science.148.3676.1427 

Bartfeld, J., & Ryu, J. (2011). The school breakfast program and breakfast-skipping among 

 Wisconsin elementary school children. Social Science Review, 85, 619-634. doi: 

 10.1086/663635 

Bei, B., Wiley, J. F., Trinder, J., & Manber, R. (2016). Beyond the mean: A systematic review on 

 the correlates of daily intraindividual variability of sleep/wake patterns. Sleep Medicine 

 Reviews, 28, 108-124. doi: 10.1016/j.smrv.2015.06.003 

Benedict, C., Brooks, S. J., O'Daly, O. G., Almèn, M. S., Morell, A., Åberg, K., Gingnell, M., 

 Schultes, B., Hallschmid, M., Broman, J. E., Larsson, E. M., & Schiöth, H. B. (2012). 

 Acute sleep deprivation enhances the brain's response to hedonic food stimuli: an fMRI 

 study. Journal of Clinical Endocrinology Metabolism, 97, E443–7. doi: 10.1210/jc.2011-

 2759 

Benedict, C., Hallschmid, M., Lassen, A., Mahnke, C., Schultes, B., Schiöth, H. B.,… Lange, T. 

 (2011). Acute sleep deprivation reduces energy expenditure in healthy men. American 

 Journal of Clinical Nutrition, 93, 1229–36. doi: 10.3945/ajcn.110.006460 



43 
 

Blom, W. A. M., Lluch, A., Stafleu, A., Vinoy, S., Holst, J. J., Schaafsma, G., & Hendriks, H. F. 

 J. (2006). Effect of a high-protein breakfast on the postprandial ghrelin response. 

 American Journal of Clinical Nutrition, 83(2), 211–220. doi: 84/3/664-a 

Brissette, I., & Cohen, S. (2002). The contribution of individual differences in hostility to the 

 associations between daily interpersonal conflict, affect, and sleep. Personality and 

 Social Psychology Bulletin, 28, 1265-1274. doi: 10.1177/01461672022812011 

Cahill, L. E., Chiuve, S. E., Mekary, R. A., Jenson, M. K., Flint, A. J., Hu, F. B., & Rimm, E. B. 

 (2013). A prospective study of breakfast eating and incident coronary heart disease in a 

 cohort of male U.S. health professionals. Circulation, 128, 337-343. doi: 

 10.1161/CIRCULATIONAHA.113.001474 

Chan, W., Levsen, M., & McCrae, C. (2017). A meta-analysis of associations between obesity 

 and insomnia diagnosis and symptoms. Sleep Medicine Reviews, 17, 1-13. doi: 

 10.1016/j.smrv.2017.12.004  

Chapman, C. D., Benedict, C., Brooks, S. J., & Schiöth, H. B. (2012). Lifestyle determinants of 

 the drive to eat: A meta-analysis. The American Journal of Clinical Nutrition, 96, 492-

 497. doi: 10.3945/ajcn.112.039750 

Chau, C., Pan, W., & Chen, H. (2017). Employment status and temporal patterns of energy 

 intake: Nutrition and Health Survey in Taiwan, 2005-2008. Public Health Nutrition, 20, 

 3295-3303. doi: 10.1017/S1368980017002476 

Cohen, S., Alper, C. M., Doyle, W. J., Treanor, J. J., & Turner, R. B. (2006). Positive emotional 

 style predicts resistance to illness after experimental exposure to rhinovirus or influenza 

 A virus. Psychosomatic Medicine, 68, 809-815. doi: 

 10.1097/01.psy.0000245867.92364.3c 



44 
 

Cohen, S., Doyle, W. J., Alper, C. M., Janicki-Deverts, D., & Turner, R. B. (2009). Sleep habits 

 and susceptibility to the common cold. Archives of Internal Medicine, 169, 62-67. doi: 

 10.1001/archinternmed.2008.505 

Cohen, S., Doyle, W. J., Turner, R. B., Alper, C. M., & Skoner, D. P. (2003). Emotional style 

 and susceptibility to the common cold. Psychosomatic Medicine, 65, 652-657. doi: 

 10.1097/01.PSY.0000077508.57784.DA 

Cohen, S., & Lemay, E. (2007). Why would social networks be linked to affect and health 

 practices? Health Psychology, 26, 410-417. doi: 10.1037/0278-6133.26.4.410 

Crain, T. L., Brossoit, R. M., & Fisher, G. G. (2017). Work, nonwork, and sleep (wns): A review 

 and conceptual framework. Journal of Business and Psychology. Advance online 

 publication. doi:10.1007/s10869-017-9521-x 

Dillon, H. R., Lichstein, K. L., Dautovich, N. D., Taylor, D. J., Riedel, B. W., & Bush, A. J. 

 (2014). Variability in self-reported normal sleep across the adult age span. The Journals 

 of Gerontology: Series B, 70, 46-56. doi: 10.1093/geronb/gbu035 

 Doyle, W. J., Gentile, D. A., & Cohen, S. (2006). Emotional style, nasal cytokines, and illness 

 expression after experimental rhinovirus exposure. Brain, Behavior, and Immunity, 20, 

 175-181. doi: 10.1016/j.bbi.2005.05.005 

Duncan, M. J., Kline, C. E., Rebar, A. L., Vandelanotte, C., & Short, C. E. (2016). Greater bed- 

 and wake-time variability is associated with less healthy lifestyle behaviors: A cross-

 sectional study. Journal of Public Health, 24, 31-40. doi: 10.1007/s10389-015-0693-4 

El-Sheikh, M., Kelly, R. J., Sadeh, A., & Buckhalt, J. A. (2014). Income, ethnicity, and sleep: 

 Coping as a moderator. Cultural Diversity and Ethnic Minority Psychology, 20, 441-448. 

 doi: 10.1037/a0036699 

https://doi-org.proxy.library.vcu.edu/10.1093/geronb/gbu035


45 
 

Fatima, Y., Doi, S., & Mamun, A. (2016). Sleep quality and obesity in young subjects: A meta-

 analysis. Obesity Reviews, 17, 1154-1166. doi: 10.1111/obr.12444 

Fleig, D. & Randler, C. (2008). Association between chronotype and diet in adolescents based on 

 food logs. Eating Behaviors, 10, 115-118. doi: 10.1016/j.eatbeh.2009.03.002 

Froy O. (2010). Metabolism and circadian rhythms—implications for obesity. Endocrinology 

 Review, 31, 1-24. doi: 10.1210/er.2009-0014 

Fuligni, A. J., & Hardway, C. (2006). Daily variation in adolescents’ sleep, activities, and 

 psychological well-being. Journal of Research on Adolescence, 16, 353–378. doi: 

 10.1111/j.1532-7795.2006.00498.x 

Galioto & Spitznagel (2016). The effects of breakfast and breakfast consumption on cognition 

 in adults. Advances in Nutrition, 16, 5765S-5789S. doi: 10.3945/an.115.010231 

Gibson, E. L. (2006). Emotional influences on food choice: sensory, physiological and psycho- 

 logical pathways. Physiology & Behavior, 89, 53–61. doi: 

 10.1016/j.physbeh.2006.01.024 

Glassdoor (2018, July 14). Food service worker salaries. Retrieved from 

 https://www.glassdoor.com/Salaries/food-service-worker-salary-SRCH_KO0,19.htm 

Goldberg, L. R. (1999). A broad-bandwidth, public domain, personality inventory measuring the 

 lower-level facets of several five-factor models. In I. Mervielde, I. Deary, F. De Fruyt, & 

 F. Ostendorf (Eds.), Personality Psychology in Europe, Vol. 7 (pp. 7-28). Tilburg, The 

 Netherlands: Tilburg University Press. 

Goldberg, L. R., Johnson, J. A., Eber, H. W., Hogan, R., Ashton, M. C., Cloninger, C. R., & 

 Gough, H. C. (2006). The International Personality Item Pool and the future of public-

https://www.glassdoor.com/Salaries/food-service-worker-salary-SRCH_KO0,19.htm


46 
 

 domain personality measures. Journal of Research in Personality, 40, 84-96. doi: 

 10.1016/j.jrp.2005.08.007 

Golley, R., Maher, C., Matricciani, L., & Olds, T. S. (2013). Sleep duration or bedtime? 

 Exploring the association between sleep timing behaviour, diet and BMI in children and 

 adolescents. International Journal of Obesity, 37, 546-551. doi: 10.1038/ijo.2012.212 

Green, C. B., Takahashi, J. S., & Bass, J. (2008). The meter of metabolism. Cell, 134, 728-742. 

 doi: 10.1016/j.cell.2008.08.022 

Haghighatdoost, F., Karimi, G., Esmaillzadeh, A., & Azadbakht, L. (2012). Sleep deprivation is 

 associated with lower diet quality indices and higher rate of general and central obesity 

 among young female students in Iran. Nutrition, 28, 1146–1150. doi: 

 10.1016/j.nut.2012.04.015 

Hayes, A. F. (2013). An introduction to mediation, moderation, and conditional process 

 analysis. New York: The Guilford Press. 

He, F., Bixler, E. O., Berg, A., Imamura Kawasawa, Y., Vgontzas, A. N., Fernandez-Mendoza, 

 J.,… Liao, D. (2015). Habitual sleep variability, not sleep duration, is associated with 

 caloric intake in adolescents. Sleep Medicine, 16, 856-861. doi: 

 10.1016/j.sleep.2015.03.004 

Hershner, S. & O’Brien, L. M. (2018). The impact of a randomized sleep education intervention 

 for college students. Journal of Clinical Sleep Medicine, 15, 337-347. doi: 

 10.5664/jcsm.6974. 

Hirshkowitz, M., Whiton, K., Albert, S. M., Alessi, C., Bruni, O., DonCarlos, L.,… Ware, J. C. 

 (2015). National Sleep Foundation’s updated sleep duration recommendations: Final 

 report. Sleep Health, 1, 233-243. doi: 10.1016/j.sleh.2015.10.004 



47 
 

Hiza, H. A., Casavale, K. O., Guenther, P. M., & Davis, C. A. (2013). Diet quality of Americans 

 differs by age, sex, race/ethnicity, income, and education level. Journal of the Academy 

 of Nutrition and Dietetics, 113, 297-306. doi: 10.1016/j.jand.2012.08.011 

Horne, J. A., & Östberg, O. (1976). A self-assessment questionnaire to determine morningness-

 eveningness in human circadian rhythms. International Journal of Chronobiology, 4, 97-

 110. Retrieved from https://www-ncbi-nlm-nih-gov.proxy.library.vcu.edu/pubmed 

Huang, C. J., Hu, H. T., Fan, Y. C., Liao, Y. M., & Tsai, P. S. (2010). Associations of breakfast 

 skipping with obesity and health-related quality of life: Evidence from a national survey. 

 International Journal of Obesity, 34, 720-725. doi: 10.1038/ijo.2009.285 

Itani, O., Jike, M., Watanabe, N., & Kaneita, Y. (2017). Short sleep duration and health 

 outcomes: A systematic review, meta-analysis, and meta-regression. Sleep Medicine, 32, 

 246-256. doi: 10.1016/j.sleep.2016.08.006 

Jakubowicz, D., Barnea, M., Wainstein, J., & Froy, O. (2013). High caloric intake at breakfast 

 vs. dinner differentially influences weight loss of overweight and obese women. Obesity, 

 21, 2504-2512. doi: 10.1002/oby.20460 

Kant, A. K., & Graubard, B. I. (2014). Association of self-reported sleep duration with eating 

 behaviors of American adults: NHANES 2005–2010. American Journal of Clinical 

 Nutrition, 2014, 938–947. doi: 10.3945/ajcn.114.085191.938. 

Kant, A. K., & Graubard, B. I. (2006). Secular trends in patterns of self-reported food 

 consumption of adult Americans: NHANES 1971-1975 to NHANES 1999-2002. The 

 American Journal of Clinical Nutrition, 84, 1215-1223. doi: 10.1093/ajcn/84.5.1215 



48 
 

Kim, S., DeRoo, L. A., & Sandler, D. P. (2011). Eating patterns and nutritional characteristics 

 associated with sleep duration. Public Health Nutrition, 14, 889–895. doi: 

 10.1017/S136898001000296X 

 Knutson, K. L. & Turek, F. W. (2006). The U-shaped association between sleep and health: the 

 2 peaks do not mean the same thing. Sleep, 29, 878–9. doi: 10.1093/sleep/29.7.878 

Knowlden, A., Hackman, C., & Sharma, M. (2016). Systematic review of dietary interventions 

 targeting sleep behavior. The Journal of Alternative and Complementary Medicine, 22, 

 349-362. doi: 10.1089/acm.2015.0238 

Kubota, Y., Iso, H., Sawada, N., & Tsugane, S. (2016). Association of breakfast intake with 

 incident stroke and coronary heart disease: The Japan public health center-based study. 

 Stroke, 47, 477-481. doi: 10.1161/STROKEAHA.115.011350 

Laboratory for the Study of Stress, Immunity, and Disease. (2016). Common Cold 

 Project. Retrieved from http://www.commoncoldproject.com 

Lee, S., Park, E., Ju, Y., Lee, T., Han, E., Kim, T. (2016). Breakfast consumption and depressive 

 mood: A focus on socioeconomic status. Appetite, 114, 313-319. doi: 

 10.1016/j.appet.2017.04.007 

Leidy, H. J., Bossingham, M. J., Mattes, R. D., & Campbell, W. W. (2009). Increased dietary 

 protein consumed at breakfast leads to an initial and sustained feeling of fullness during 

 energy restriction compared to other meal times. British Journal of Nutrition, 101(6), 

 798–803. doi: 10.1017/S0007114508051532 

Leidy, H. J., Hoertel, H. A., Douglas, S. M., Higgins, K. A., & Shafer, R. S. (2015). A high-

 protein breakfast prevents body fat gain, through reductions in daily intake and hunger, in 

 “breakfast skipping” adolescents. Obesity, 23(9), 1761–1764. doi: 10.1002/oby.21185 

https://doi.org/10.1017/S0007114508051532
https://doi.org/10.1002/oby.21185


49 
 

Lesani, A., Mohammadpoorasl, Javadi, M., Esfeh, J., & Fakhari, A. (2016). Eating breakfast, 

 fruit, and vegetable intake and their relation with happiness in college students. Eating 

 and Weight Disorders-Studies on Anorexia, Bulimia, and Obesity, 21, 645-651. doi: 

 10.1007/s40519-016-0261-0 

Macht, M. (2008). How emotions affect eating: a five-way model. Appetite, 50, 1–11. doi: 

 10.1016/j.appet.2007.07.002 

Adam, T. C. & Epel, E. S. (2007). Stress, eating and the reward system. Physiology & Behavior, 

 91, 449–58. doi: 10.1016/j.physbeh.2007.04.011 

Mallampalli, M. P., & Carter, C. L. (2014). Exploring sex and gender differences in sleep health: 

 A society for women’s health research report. Journal of Women's Health, 23, 553-562. 

 doi: 10.1089/jwh.2014.4816 

McCrae, C. S., McNamara, J. P., Rowe, M. A., Dzierzewski, J. M., Dirk, J., Marsiske, M., & 

 Craggs, J. G. (2008). Sleep and affect in older adults: Using multilevel modeling to 

 examine daily associations. Journal of Sleep Research, 17, 42–53. doi: 10.1111/j.1365-

 2869.2008.00621.x 

Megson, M., Wing, B. R., & Leahy, T. (2016). Effects of breakfast eating and eating frequency 

 on body mass index and weight loss outcomes in adults enrolled in an obesity treatment 

 program. Journal of Behavioral Medicine, 40, 595-601. doi: 10.1007/s10865-017-9828-0 

Mekary, R., Giovannucci, E., Cahill, L., Willett, W. C., van Dam, R. M., & Hu, F. B. (2013). 

 Eating patterns and type 2 diabetes risk in older women: Breakfast consumption and 

 eating frequency. American Journal of Clinical Nutrition, 98, 436-443. doi: 

 10.3945/ajcn.112.057521 



50 
 

Mekary, R., Giovannucci, E., Willett, W., van Dam, R., & Hu, F. (2012). Eating patterns and 

 type 2 diabetes risk in men: breakfast omission, eating frequency, and snacking. The 

 American Journal of Clinical Nutrition, 95, 1182-1189. doi: 10.3945/ajcn.111.028209 

Miller, M. A., Rothenberger, S. D., Hasler, B. P., Donofry, S. D., Wong, P. M., Manuck, S. 

 B…Roecklein, K. A. (2015). Chronotype predicts positive affect rhythms measured by 

 ecological momentary assessment. Chronobiology International, 32, 376-384. doi: 

 10.3109/07420528.2014.983602 

Monk, T. H., Flaherty, J. F., Frank, E., Hoskinson, K., & Kupfer, D. J. (1990). The Social 

 Rhythm Metric - An instrument to quantify the daily rhythms of life. Journal of Nervous 

 and Mental Disease, 178, 120-126. doi: 10.1097/00005053-199002000-00007 

Monk, T., Flaherty, J. F., Frank, E., & Kupfer, D. J. (1994). Social rhythm metric [SRM].  In: J. 

 Fischer & K. Corcoran K (Eds.) Measures for clinical practice: A sourcebook. (2nd ed). 

 608-61. New York: Free Press. 

Morgan, K., Zabik, M., & Stampley, G. (1986). Breakfast consumption patterns of older 

 Americans. Journal of Nutrition for the elderly, 5, 19-44. doi: 10.1300/J052v05n04_04 

Mossavar-Rahmani, Y., Weng, J., Wang, R., Shaw, P. A., Jung, M., Sotres-Alvarez, D.,… Patel, 

 S. R. (2017). Actigraphic sleep measures and diet quality in the Hispanic Community 

 Health Study/Study of Latinos Sueño ancillary study. Journal of Sleep Research, 26, 739-

 746. doi: 10.1111/jsr.12513 

Moubarac, J. C., Cargo, M., Receveur, O., & Daniel, M. (2013). Psychological distress mediates 

 the association between daytime sleepiness and consumption of sweetened products: 

 cross-sectional findings in a Catholic Middle-Eastern community. BMJ Open, 3. doi: 

 10.1136/bmjopen-2012-002298 

http://www.amazon.com/Measures-Clinical-Practice-Sourcebook-Second/dp/B000UE2RKW/ref=sr_1_1?s=books&ie=UTF8&qid=1354300115&sr=1-1&keywords=Measures+for+clinical+practice%3A+A+sourcebook+second+edition


51 
 

Meule, A., Roeser, K., Randler, C., & Kübler, A. (2012). Skipping breakfast: Morningness-

 eveningness preference is differentially related to state and trait food cravings. Eating 

 and Weight Disorders - Studies on Anorexia, Bulimia and Obesity, 17, e304-e308. doi: 

 10.3275/8723  

National Center for Education Statistics (2015). Total fall enrollment in degree-granting 

 postsecondary institutions, by attending status, sex, and age: Selected years, 1970-2026. 

 Retrieved from 

 https://nces.ed.gov/programs/digest/d16/tables/dt16_303.40.asp?current=yes 

National Sleep Foundation. (2004). Sleep in America poll summary of findings. Washington, 

 DC: National Sleep Foundation. Retreived from 

 https://sleepfoundation.org/sites/default/files/FINAL%20SOF%202004.pdf 

National Sleep Foundation (2005). 2005 Sleep in America poll: Adult sleep habits and styles. 

 Retrieved from 

 http://sleepfoundation.org/sites/default/files/2005_summary_of_findings.pdf 

Ogilvie, R., Lutsey, P., Widome, R., Laska, M. N., Larson, N., & Neumark-Sztainer, D. (2017). 

 Sleep indices and eating behaviors in young adults: Findings from Project EAT. Public 

 Health Nutrition, 21, 689-701. doi: 10.1017/S1368980017003536 

Olsta, J. (2013). Bringing breakfast to our students: A program to increase school breakfast 

 participation. The Journal of School Nursing, 29, 263-270. doi: 

 10.1177/1059840513476094 

O’Neil, A., Quirk, S. E., Housden, S., Brennan, S. L., Williams, L. J., Pasco, J. A.,… Jacka, F. 

 N. (2014). Relationship between diet and mental health in children and adolescents: a 

https://nces.ed.gov/programs/digest/d16/tables/dt16_303.40.asp?current=yes


52 
 

 systematic review. American Journal of Public Health, 104, e31–e42. 

 doi:10.2105/AJPH.2014.302110 

Panda, S., Antoch, M. P., Miller, B. H., Su, A. I., Schook, A. B., Straume, M., Schultz, P. G., 

 Kay, S. A., Takahashi, J. S., & Hogenesch, J. B. (2002). Coordinated transcription of key 

 pathways in the mouse by the circadian clock. Cell, 109, 307-320. doi: 10.1016/S0092-

 8674(02)00722-5 

Patterson, F., Malone, S., Lozano, A., Grandner, and Hanlon (2016). Smoking, screen-based 

 sedentary behaivior, and diet associated with habitual sleep duration and chronotype: 

 Data from the UK biobank. Annals of Behavioral Medicine, 50, 715-726. doi: 

 10.1007/s12160-016-9797-5 

Pearson, N., Biddle, S., & Gorely, T. (2009). Family correlates of breakfast consumption among 

 children and adolescents. A systematic review. Appetite, 52, 1-7. doi: 

 10.1016/j.appet.2008.08.006 

Rampersaud, G. C., Pereira, M. A., Girard, B. L., Adams, J., & Metzl, J. D. (2005). Breakfast 

 habits, nutritional status, body weight, and academic performance in children and 

 adolescents. Journal of the American Dietetic Association, 105, 743–760. doi: 

 10.1016/j.jada.2005.02.007 

Raynor, H. A., Jeffery, R. W., Ruggiero, A. M., Clark, J. M., Delahanty, L. M.,&Look, A. R. G. 

 (2008). Weight loss strategies associated with BMI in overweight adults with type 2 

 diabetes at entry into the Look AHEAD (Action for Health in Diabetes) trial. Diabetes 

 Care, 31, 1299–1304. doi: 10.2337/dc07-2295 



53 
 

Reddan, J., Wahlstrom, K., & Reich, M. (2002). Children’s perceived benefits and barriers in 

 relation to eating breakfast in schools with or without universal school breakfast. Journal 

 of Nutrition Education and Behavior, 34, 47-52. doi: 10.1016/S1499-4046(06)60226-1 

Reutrakul, S., Hood, M., Crowley, S., (2014). The relationship between breakfast skipping, 

 chronotype, and glycemic control in Type 2 diabetes. Chronobiology International, 21, 

 64-71. doi: 10.3109/07420528.2013.821614 

Richards, G. & Smith, A. P. (2016). Breakfast and energy drink consumption in secondary 

 school Children: Breakfast omission, in isolation or in combination with frequent energy 

 drink use, is associated with stress, anxiety, and depression cross-sectionally, but not at 6-

 month follow-up. Frontiers in Psychology, 7, 106. doi: 10.3389/fpsyg.2016.00106 

Roenneberg, T., Wirz-Justice, A., & Merrow, M. (2003). Life between clocks: Daily temporal 

 patterns of human chronotypes. Journal of Biological Rhythms, 18, 80-90. doi: 

 10.1177/0748730402239679  

Sampasa-Kanyinga, H., & Hamilton, H. A. (2016). Eating breakfast regularly is related to higher 

 school connectedness and academic performance in Canadian middle- and high-school 

 students. Public Health, 145, 120-123. doi: 10.1016/j.puhe.2016.12.027 

Sampasa-Kanyinga, H., Roumeliotis, P., Farrow, C., and Shi (2016). Breakfast skipping is 

 associated with cyberbullying and school bullying victimization. A school-based cross-

 sectional study. Appetite, 79, 76-82. doi: 10.1016/j.appet.2014.04.007 

Shechter, A., Grandner, M., & St-Onge, M. (2014). The role of sleep in the control of food 

 intake. American Journal of Lifestyle Medication, 8, 371-374. doi: 

 10.1177/1559827614545315 

https://doi-org.proxy.library.vcu.edu/10.1177/0748730402239679


54 
 

Shechter, A., O’Keeffe, M., Roberts, A., Zammit, G. K., RoyChoudhurry, A., & St-Onge, M. P. 

 (2012). Alterations in sleep architecture in response to experimental sleep curtailment are 

 associated with signs of positive energy balance. American Journal of Physiology-

 Regulatory, Integrative, and Comparative, 303, R883-889, doi: 

 10.1152/ajpregu.00222.2012 

Smith, A. (1998). Breakfast consumption and intelligence in elderly persons. Psychological 

 Reports, 82, 424-426. doi: 10.2466/pr0.1998.82.2.424 

Smith, A. P. (2002). Stress, breakfast cereal consumption and cortisol. Nutritional Neuroscience, 

 5, 141-144.  

Smith, K., Gall, S., McNaughton S. A., Blizzard, L., Dwyer, T., & Venn, A. J. (2010). Skipping 

 breakfast: Longitudinal associations with cardiometabolic risk factors in the Childhood 

 Determinants of Adult Health Study. American Journal of Clinical Nutrition, 92, 1316-

 1325. doi: 10.3945/ajcn.2010.30101 

Spence, C. (2017). Breakfast: The most important meal of the day? International Journal of 

 Gastronomy and Food Science, 8, 1-6. doi: 10.1016/j.ijgfs.2017.01.003  

Spiegel, K., Leproult, R., L'Hermite-Baleriaux, M., Copinschi, G., Penev, P. D., Van Cauter, E. 

 (2004). Leptin levels are dependent on sleep duration: relationships with sympathovagal 

 balance, carbohydrate regulation, cortisol, and thyrotropin. Journal of Clinical 

 Endocrinology & Metabolism, 89, 5762–71. doi: 10.1210/jc.2004-1003 

Spiegel, K., Tasali, E., Penev, P., Van Cauter, E. (2004). Brief communication: sleep curtailment 

 in healthy young men is associated with decreased leptin levels, elevated ghrelin levels, 

 and increased hunger and appetite. Annals of Internal Medicine, 141, 846–50. doi: 

 10.1210/jc.2004-1003 



55 
 

Stepanski, E. J. & Wyatt, J. K. (2003). Use of sleep hygiene in the treatment of insomnia. Sleep 

 Medicine Reviews, 7, 215-225. doi: 10.1053/smrv.2001.0246 

St-Onge, M. P., McReynolds, A., Trivedi, Z. B., Roberts, A. L., Sy, M., Hirsch, J. (2012). Sleep 

 restriction leads to increased activation of brain regions sensitive to food stimuli. The 

 American Journal of Clinical Nutrition, 95, 818–24. doi: 10.3945/ajcn.111.027383 

St-Onge, M. P., Wolfe, S., Sy, M., Shechter, A., & Hirsch, J. (2013). Sleep restriction increases 

 the neu- ronal response to unhealthy food in normal-weight individuals. International 

 Journal of Obesity, 38, 411-416. doi: 10.1038/ijo.2013.114 

Tasali, E., Chapotot, F., Wroblewski, K., & Schoeller (2014). The effects of extended bedtimes 

 on sleep duration and food desire in overweight young adults: A home-based 

 intervention. Appetite, 80, 220-224. doi: 10.1016/j.appet.2014.05.021 

Teixeira, G., Mota, M., & Crispim, C. (2017). Eveningness is associated with skipping breakfast 

 and poor nutritional intake in Brazilian undergraduate students. Chronobiology issue. doi: 

 10.1080/07420528.2017.1407778 

Vogel, C., Ntani, G., Inskip, H., Barker, M., Cummins, S., Cooper, C.,… Baird, J. (2016). 

 Education and the relationship between supermarket environment and diet. American 

 Journal of Preventative Medicine, 51, e27-e34. doi: 10.1016/j.amepre.2016.02.030 

Walker, R., & Christopher, A. (2015). Time-of-day preference mediates the relationship between 

 personality and breakfast attitudes. Personality and Individual Differences, 91, 138-143.  

 doi: 10.1016/j.paid.2015.12.003 

Xiao, R. S., Moore Simas, T. A., Pagoto, S. L., Person, S. D., Rosal, M. C., & Waring, M. E. 

 (2016). Sleep duration and diet quality among women within 5 years of childbirth in the 



56 
 

 United States: A cross-sectional study. Maternal and Child Health Journal, 20, 1869-

 1877. doi: 10.1007/s10995-016-1991-3 

 

 

 

Appendix 

 

 

 

 

 

 

 

Figure 1. Parallel mediation model for the association between mean bedtime and breakfast 

intake frequency, mediated by positive and negative affect. *p < .05. **p < .001. 

 

 

 

 

 

 

 

Figure 2. Parallel mediation model for the association between mean midsleep and breakfast 

intake frequency, mediated by positive and negative affect. *p < .05. **p < .001. 
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Figure 3. Parallel mediation model for the association between mean sleep duration and 

breakfast intake frequency, mediated by positive and negative affect. *p < .05. **p < .001. 

 

 

 

 

 

 

 

Figure 4. Parallel mediation model for the association between IIV sleep duration and breakfast 

intake frequency, mediated by positive and negative affect. *p < .05. **p < .001. 

 

 

 

 

 

 

 

Figure 5. Parallel mediation model for the association between IIV midsleep and breakfast intake 

frequency, mediated by positive and negative affect. *p < .05. **p < .001. 
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Figure 6. Parallel mediation model for the association between IIV bedtime and breakfast intake 

frequency, mediated by positive and negative affect. *p < .05. **p < .001. 

 

 

 

 

 

 

 

 

Figure 7. Parallel mediation model for the association between mean bedtime and high-protein 

breakfast intake frequency, mediated by positive and negative affect. *p < .05. **p < .001. 

 

 

 

 

 

 

 

Figure 8. Parallel mediation model for the association between mean midsleep and high-protein 

breakfast intake frequency, mediated by positive and negative affect. *p < .05. **p < .001. 
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Figure 9. Parallel mediation model for the association between mean sleep duration and high-

protein breakfast intake frequency, mediated by positive and negative affect. *p < .05. **p < 

.001. 

 

 

 

 

 

 

 

Figure 10. Parallel mediation model for the association between IIV sleep duration and high-

protein breakfast intake frequency, mediated by positive and negative affect. *p < .05. **p < 

.001. 

 

 

 

 

 

 

 

Figure 11. Parallel mediation model for the association between IIV midsleep and high-protein 

breakfast intake frequency, mediated by positive and negative affect. *p < .05. **p < .001. 
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Figure 12. Parallel mediation model for the association between IIV bedtime and high-protein 

breakfast intake frequency, mediated by positive and negative affect. *p < .05. **p < .001. 
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